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5'—9:/'\7 —j_ U ZA (data-driven journalism, computational journalism)

F—wINE, BR, BB, S, ML, ARIBTET, HLL
—1-ZERRLUED, —1—RESHDPTEX LS ETBHE

I 5= (C kBdE(L DATA-DRIVEN JOURNALISM = A PROCESS
® 45 T—F&N&ELTEEIL
o U)LY T—INSHHET L STORY

o tjRit: ST+ v IIRETRIR
@ XAh—U—: DFFERNSERD
Ah=U—2/&3

VISUALIZE

Mirko Lorenz. 2010. Data driven journalism: What is there to learn?
http://mediapusher.eu/datadrivenjournalism/pdf/ddj paper final.pdf
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Reading the Riots (Guardian)

B See all rumours wmouris false - Rloters attack London zoo and release animals

1]2]3lalsl6]7] << | >>

Tweets/hour

500

8th August 9th August

How the rumour unfolded

The first seeds of doubt begin to be sown about
the tiger picture. @bandmreview, a user with
only 53 followers, spots a similarity between the
'Primrose Hill tiger' pics and those taken of a big
cat which escaped from a circus in Maddaloni,
southern ltaly in November, 2008.

Pic of Tiger in London NOT TRUE!
#LondonZoo #LondonRiots
http://t.co/8rixAoc6

@bandmreview, 53 followers
Tue 9 Aug 06:05

Influence of the tweet Relation to the rumour

—— more influential  suppot @ @ @ @ opposion @@ O @ query L DO @ comment D O O @
less influential recent recent recent acent

https://www.theguardian.com/uk/interactive/2011/dec/07/london-riots-twitter
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Full-text visualization of the Iraqgi War Logs (AP)
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http://jonathanstray.com/a-full-text-visualization-of-the-iraq-war-logs

Message Machine (ProPublica)

‘ EMAIL 1 - ’ ‘ EMAIL 2 - ’ ‘ EMAIL 3 ’ ‘ EMAIL 4 - ’ ‘ EMAIL 5 ’ ‘ EMAIL 6 P
7 EMAIL 3
People in our sample vs. EMAIL 1 . ) ‘ . | )
got this email B - .

There—areonty a handful—of peopte—who wittt—You must—beatteast—a tittlecuriouss
About This Group

probably don't know Janet from Accokeek, Maryisad;—Maryland.

Gender
- But you two othersupporters—for—dimmer—could be having withfeour—supporters—
Age We'lre—dinner with President Skama;Janet;—ansObama together sometime soon.
17 74 Janet was the first guest te—be—=selected for the upcoming dinner—the President's
Previous Donor? next Dinner with Barack. And we're counting down the hours until we pick—the next
Requested Donation Piteh—draw the next name.
$3 $300 The second seat could be yours —-— you'll be automatically entered fer—the chance—to
Subject Line 4 Emails FJetm—when you donate $XX or whatever you can te—help—today.
Janet just found out 6 Janet told us that when she donated $XX last week she was just beeame—trying to show
You must be atleast a lttie ! her support +h4 t ot g—for the President
sup this—eampatgnr—tods arrrek .

curious pp Fad el

No one of them-
The content of this message is similar She—tearned-—she'ls—ever hear—that—sentence—thinks they'll be picked until they are.
to Email 1, but the phrasing is
different. Some recipients were asked Take the chance. Chip in #¥-5XX or more today to be automatically entered:
for $3, others $25, and one was asked
for $190. https://donate.barackobama.com/The-Second-Guest

Thanks,

Julianna

Julianna Smoot Deputy Campaign Manager Obama for America

http://www.propublica.org/special/message-machine-you-probably-dont-know-janet



http://www.propublica.org/special/message-machine-you-probably-dont-know-janet

RAAKELEYDIFT—5T—-0>3v T (Project 311)

REAXAXBREVITF—27—93v7
Project 311
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o, ELWEREENE . Falan s vERUT D FRESLDIEE»FMG THEEL B TERYFL
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TREHFEAENK 5 =20 =05 - Project 311 - TIIEUEEE DS BRICHEICERICEE LT —
PEENECRMLTELET. FNEFTOT — 25O Tom T o 8(Cd- T SREIUI2HTICHA T
EOIEIENTESIERSL, U AR TS ENTEL T

Rt —=

» 3B11EH SRR CEBHREGLE R s BHHik

= Google Trends (2ft: o/ = L&D
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« 3F11E ARG Y= 3R Twitter Japan #RTh&)

= NHKIE L ARL R L ERG24BEOMEEFEZRILRUSBHT S 307 (24t H
FHEGE

» Honda -1 % BITEE < 77 — (R FEFEH TEHN =D

o LA 0O OEGEEITIEE BRI HEE RO TSR R L A )

RS -2 R HeHE UL TR0
https://sites.google.com/site/pri311/
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REAARKEXEGFOREHROILET - RRUBZEORIRIE (#85+, 2013)

Mo A2 ERHORR CE RGNS
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10,000

7,500

5,000
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2,500
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A1

WS BX, B8 A, KE EX, Mg B8, §2 K. 2013, FTE/(Y -2 ([CE D SRIBEIROUNE BRI O, BRSENIE,
20(3):461-484. (SHEWEFX 2013FEHRXE)
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1 H=A (529.8)
2 db=AgF (356.6)
3 & (345.2)
4 TX (327.7)
5 14 (313.0)
6 E (247.1)
7 KR (207.5)
g8 XUR (200.2)
9 A (195.3)
10 O=>) (183.6)

7 ZARBRAKREROF—-T— R

2019%7H2H BHHEFRET 4L
https://www.asahi.com/senkyo/senkyo2019/special/politipedia/
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(169.7)
(163.2)
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(132.3)
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(88.7)
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DB 8AR (APE{S, Automated Insightstt)

Aug. 29, 2017
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TORONTO (AP) — Bank of Nova Scotia on Tuesday reported fiscal third-quarter profit of $2.1 billion Canadian.
The Toronto-based bank said it had earnings of $1.66 per share Canadian.
The bank posted total revenue of $6.89 billion in the period.

Bank of Nova Scotia shares have risen 11 percent since the beginning of the year. The stock has climbed 17 percent in the

last 12 months.

Elements of this story were generated by Automated Insights (http://automatedinsights.com/ap) using data from Zacks
Investment Research. Access a Zacks stock report on BNS at https://www.zacks.com/ap/BNS

CDEEEDEZR(LZacks Investment Researchh SigteN=>=—4 %A1, Automated Insights(C kD& RSN

https://www.apnews.com/32a904607c112a15524439fda93ede63/Bank-of-Nova-Scotia-reports-3Q-profit
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wEZ1—T)LRY NDO—D(CKBEEELER: RotoWire1—/(X

NBA /XX w bAR—ILDGED A I VY EZDF AT X MOHEMNIERSN
TWLWBO—/UR ($34,9005FEH) . —1—SI)ILXEBERTET)LDOMEEIEBLEUX
177 T10~15< 5L\, EILAICEFERL)

The Atlanta Hawks defeated the Miami Heat

WIN LOSS PTS FGPCT RB AS ... , 103 - 95 | at Philips Arena on Wednesday
TEAM . Atlanta was in desperate need of a win and
- they were able to take care of a shorthanded
Heal 1 12 103 49 4Z 27 Miami team here . Defense was key for
Hawks 7 15 95 43 33 20 the Hawks . as they held the Heat to 42

percent shooting and forced them to commit
16 turnovers . Aflanta also dominated in the

AS RB PT FG FGA CITY ... paint , winning the rebounding battle , 47
PLAYER - 34 , and outscoring them in the paint 58
, . - 26.The Hawks shot 49 percent from the
E{:ﬁz}ioggﬁgrd Z ]27 %z’ g :? jﬂllz;]l:; field and assisted on 27 of their 43 madfz
Paulei]lsap > 9 1 8 B Atlanta bgskets . This was a near wire - to - wire
Goran Dragic 4 2 21 8 17 Miami win for the Hawks , as Miami held just one
Wayne Ellfngton > 3 (9 7 (5 Miami lead in the first five minutes . M!aml (7 -
Dennis Schroder 7 4 17 8 15  Atlanta 15 ) are as beat - up as anyone right now
Rodney McGruder 5 5 [ 3 3 Miami and it s taking a toll_ on the heavily used
Thabo Sefolosha 5 5 10 5 [ Atlanta starters . Hassan Whiteside 1‘ea_lly stru_ggled
5 3 9 3 9 Atlanta in this game , as he amassed eight points ,
i ) i 12 rebounds and one blocks on 4 - of - 12

Kyle Korver

shooting ...

RotoWire=—451T v hDF—4 EEEEDHI (Wiseman+ 2017)

Sam Wiseman, Stuart M. Shieber, and Alexander M. Rush. 2017. Challenges in data-to-document generation. In Proc. of EMNLP,
pp.2243-2253.
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ZEARE : IREHEEIDMED - HEPDAN, MEOTOTREER, W2,
#He#Hl, BRUOFETEDS

IETENE : IRERATHERENRBEICE DS, STAZREIT/R0)
[EIETJREIEE FAALDBEINE : FTUWRXA 2 DESZEKR T DES
(C, SRTLZBRBIIEIETES

mRS . —EMUNG O TRBRXEZLERTE T, iEDimEEZE
TRIDTRLN

F—HDAFE . BELENTIET—IR—IANAFTES

1 —ADEREN : AN EIRZF DL DREED 1 — AT LK T
=D

Leo Leppanen, Myriam Munezero, Mark Granroth-Wilding, amd Hannu Toivonen. 2017. Data-Driven News Generation for Automated
Journalism. In Proc. of INLG, pp.188-197.
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=DyEA (Tamori+ 2017)

aill

AR D

® LEDRERFOERET —4(E5 > TLVRL)
® IEHXLDLOREIRIECESIRZ TTOND SR
e FHLUEZHAL), REFMBDIEEDX DM LEFHRZ BEN (CDHT

AFCHI BREBRE DB REENE) EFHEE a TN HIER S ECH BB S ECHIE

HFEIZ12H, FHERBRELEEE. < BRERE . FETICIIE RAHREEF
MERE . IR RAHE B 7=, PEMIERBRENDIT AT
7o BAUEI~8HIIMIT CTEHIEELT EEE R T ER A7), [EEAR
BHIZSIMUTZIARNHFEL, AR BN CET=] RELVIORIMIE AR H T

RFEEIZ OV T ORBAECU E S 8256 —75. 15 O FEHBRR 2300012 h> >
L7z, CSIUI-ECHIERERE X s o] Lo liEL RSN, CERAR
DOHCEMLEZRTHREEZRF-T2)., & BT 12HIZBI N, AFE1~8AITH
AR N CTETz) 7oL LWV ijTA X722 FCEHIBEL CREIICSIMULIZO AL

Y

R oTc—F, i+ iU Ji5, 95 ARSOFREIC OV TORMES

DO o7 IpEOEL RS WEAREEFEL,

P e ckddD2XXZHE
fmEE - REIRIDECSE ExiRhRODECEE

Hideaki Tamori, Yuta Hitomi, Naoaki Okazaki, and Kentaro Inui. 2017. Analyzing the Revision Logs of a Japanese Newspaper for
Article Quality Assessment. In Proc. of the 2017 EMNLP Workshop: Natural Language Processing meets Journalism, pages 46-50.
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o iREEIEEE EFERDT7IVT U XA TIRERFaHE

® 2015F10AM52016F9H X TOFMEFELRDRERIERDEC
@ X7 TAAXNERDHDZET2,197,739X i€
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dinl

NS

\ W
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. FrEE
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7 LUV R E 7 E DS AR AR LIt — T [FREE LD FHEE IR 23000207 ) F2Eb

SV o ARG RS L, (X C M5 b ~DIEIE)
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RS EDHEE

Hideaki Tamori, Yuta Hitomi, Naoaki Okazaki, and Kentaro Inui. 2017. Analyzing the Revision Logs of a Japanese Newspaper for
Article Quality Assessment. In Proc. of the 2017 EMNLP Workshop: Natural Language Processing meets Journalism, pages 46-50.
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EDEERIE (Hitomi+ 2017)

~
auf

o EXETETIL
e T>1—4: WAMLSTM
@ F1—4: AR CIEHUETELSTM) SIREREFADNILFEI R

o HiitEER

T wmss | owu | wer | sy

I AR TDIN 70.68 23.90 74.48
fREE =S 68.63 35.55 65.31
ZEINH D =30 87.44 16.17 82.51

o ZDEFRIFEZEE=NT (CHRDDT, BLEURO 7 (FESHDIELTRD
® ZEEFNICKT DHEIRIE(T6.28% LKLY

Yuta Hitomi, Hideaki Tamori, Naoaki Okazaki, and Kentaro Inui. 2017. Proofread Sentence Generation as Multi-Task Learning with
Editing Operation Prediction. In Proc. of IJCNLP, pages 436-441.
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HHORZHHTEIRE UEMRET)L (Takase+ 2019)

@ T>1—74 - 1—4ICXKDIEHEWN
® HERTZELEARX, FERIEZEN E U THEENER |
o HAREBOIEEEENSDOREE ULERDIRZTIEAMRULN

o HEHENER & EIR DD HEDHIE
o HUREIERTCIEIANDIBIRZ I NTHERLUIESHRT
e T>1—4 - -4 ICHHEZHIET DIHEENNE
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Sho Takase and Naoaki Okazaki. 2019. Positional Encoding to Control Output Sequence Length. In Proc. of NAACL, pp. 3999-4004.
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H O EHIEIDOZNER (Takase+ 2019)

REFEFIHENDRZIEECHIETED
(HEARERELT) BRZERLUCBEORESONH

NR—RXZ-1 Z (Transformer) 8.989 5.581 2.510

1TSS (Kikuchi+ 16) 0.005 0.002 0.002

REFE 0.000 0.000 0.000
BHNOBEHBM ETS

ERMNIZER & NEDEFIDFEE (ROUGE-L)

N—RXS5 -1~ (Transformer) 31.31 39.12 36.18
SEATHAZE (Kikuchi+ 16) 35.76 38.47 37.54
REFE 40.83 43.30 41.21

Sho Takase and Naoaki Okazaki. 2019. Positional Encoding to Control Output Sequence Length. In Proc. of NAACL, pp. 3999-4004.
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